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Online Interaction and Network Analysis in International Perspective:
Review and Prospect

ZHANG Jingjing, YANG Yehong, WANG Yeyu, CHEN Li
(Research Centre of Distance Education, Beijing Normal University, Beijing 100875)

[Abstract] Online learning is characterized by large—scale, openness, flexibility, dynamics and other
characteristics, which have changed the nature of learning interaction. New research theories and methods
are urgently needed to discover new laws of interaction and evolution. Learning and interaction are not
constricted to groups. The interaction between individuals is being extended in a way to form an interactive
network, making it possible to conduct research on learning and interaction from the perspective of network
analysis. In this study, 23 English papers are selected as text data to illustrate online learning interaction
using network analysis from multiple aspects such as re—lexicalization, basic features, network indicators,
data screening methods, research questions, theoretical framework, models and methods. It is found that
network analysis is an important method to study large —scale interaction in online learning. However,
traditional static network indicators are incapable of supporting the in—depth study of online learning
interaction. The dynamic evolution mechanism of network will become a new trend and research focus.
Based on the multi—disciplinary theory, how to eliminate the "noise" in interactive data is taken as the
research design and method, and the empirical research will help people to re—understand social learning,
open and flexible online learning, making the emergence of new theories possible.

[Keywords] Online Learning; MOOC; Network Analysis; Interaction

18 )

construct personal philosophy and to become their own "methodologists". Ultimately, through their own
"philosophy of action", teachers "possess their overall essence" and highlight their action characteristics and
inner dignity.

[Keywords] Artificial Intelligence; Teacher Action; Survival Circumstance; Philosophy of Action;
Methodology



